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A B S T R A C T   

In recent years, the luxury market has come to face important structural changes, such as the entry of new 
segments into the market and the use of the Internet as a sales channel. In this context, luxury brands must 
understand their young consumers’ perception of social value while adapting to environmental changes. This 
study aims to validate an up-to-date model to determine the impact of perceived value of luxury brands on 
consumer behavior. To validate the model, we analyze attributes of luxury brands and the value assigned to those 
attributes. We collect the data from a survey (n = 225) and analyze the results with partial least squares- 
structural equation modeling. The results show that in our up-to-date model of perceived social value of lux-
ury brands, the social component, as the only antecedent, has a major influence on consumer behavior; the 
results, however, fail to support our expectations of the impact of financial and functional brand perceptions. 
Furthermore, we find a relationship between overall luxury brand perception and behavioral and emotional 
outcomes for young consumers such that companies might consequently tailor their business strategies.   

1. Introduction 

In recent years, scholars have shown increasing interest in the luxury 
retail industry (Jain, 2020; Tynan et al., 2020; Yu et al., 2018). This 
market is strongly influenced by a wide range of marketing variables, 
and one of the most important of which is customers’ perception of the 
value of luxury brands. Perception refers to consumers’ opinion about 
luxury brands and how they feel about purchasing them (Reyes-Me-
nendez et al., 2019). In general terms, consumers of luxury products are 
willing to pay higher prices because the perceived value of luxury 
products is higher than that of mass products, though recent research 
presents a contrasting theoretical perspective (e.g., Kastanakis & Bala-
banis, 2012; Paul, 2019). The perceived value of luxury products and 
brands derives not from financial exclusivity but from a social percep-
tion that merges both uniqueness and social value, with consumers 
cocreating and reinforcing the value of luxury in interactions between 
different social groups, such as brand communities (Tynan et al., 2010). 
In this study, we follow Kastanakis and Balabanis’s (2012) approach, 
which defines present-day consumer behavior toward luxury brands as 
bandwagon consumption. In this sense, consumers who buy from luxury 

brands do not present individual behavioral patterns but aggregate 
consumption behaviors with social origin and social value. The social 
origin comes from the fact that consumers observe social behavior and 
replicate them such that they can obtain value and social value or 
consideration from these other individuals. These behaviors are opposed 
to snob and Veblen effects, in which luxury brands’ intent is to be un-
attainable by average consumers (Kastanakis & Balabanis, 2012). 

According to Goodrich and Mangleburg (2010), individual and social 
power changes over time, resulting in the need to incorporate environ-
mental changes when trying to understand perceptions of value and, 
consequently, the influence of consumer behavior. Therefore, it is 
essential for brand management of luxury products to understand the 
factors that influence their products’ perceived value (Stepien et al., 
2016; Wiedmann et al., 2009), the influence of each attribute (objective 
and subjective), and the purchase decision process in this retail market. 

Although the luxury industry is a consolidated retail industry, it is 
subject to changes. On the one hand, new segments with specific char-
acteristics continually enter the luxury brand market, thus they exert 
influence on luxury brands. For example, millennials, whose ages vary 
between 25 and 35 years, are characterized by specific consumer 
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behaviors that other consumer groups do not have (Hennigs et al., 2015; 
Saura et al., 2019). Specifically, according to the Boston Consulting 
Group Report (2019), the luxury sector comprises two main avenues of 
growth: millennials and Chinese consumers. If the currently observed 
130% growth in the sector continues, by 2024, millennials will make up 
50% of the market. In 2018, generations Y and Z contributed 100% to 
the total luxury market growth, as compared to 85% in 2017 (Bain & 
Company, 2018). Regarding the characteristics of these young con-
sumers of luxury brands, Lee et al. (2020) find that, unlike the con-
sumers who traditionally made up the luxury market, the younger 
generations value the attributes that make up classic models, such as 
financial attributes. For example, price has become a key factor, 
particularly when it is sufficiently low to encourage purchase intention. 
Furthermore, in a study on key factors that influence the purchase 
intention of Indian consumers of luxury products, Jain (2020) calls for 
the need to revise the traditional models, such as the theory of planned 
behavior, to better understand the specific behavioral aspects of this 
young consumer group. 

On the other hand, technological advances are changing the way 
consumers relate to luxury brands. Online sales for luxury products are 
growing (Yu et al., 2018), consumer behavior toward the shopping 
experience has changed, brick and mortar shops are closing, consumers 
have broader access to information about the product and brand re-
views, and opinions from former consumers and prices, which present a 
challenge for luxury brands. Compared with physical channels, luxury 
shopping through the online channel continued to accelerate in 2018, 
growing by 22% as compared to 2017 (Bain & Company, 2018). Luxury 
brands face the challenge of becoming omnichannel (Kim & Kim, 2014), 
as their consumers are no longer only in physical stores—rather they 
perceive the value of luxury brands throughout the entire customer 
journey, which is now partly digital. 

Several studies have defined and classified the different variables 
that influence customers’ decision-making processes. In this study, we 
assume that luxury brands have both physical and psychological values 
(Wiedmann et al., 2009) and important emotional components (Dubois 
et al., 2005; Hennigs et al., 2013, 2015). Consumers perceive these 
values during their experiences or interactions with brands (Pal-
os-Sanchez et al., 2019; Reyes-Menendez et al., 2019). 

While many studies have analyzed luxury brands and provided a 
wide range of information about perceived value for luxury brands 
(Dubois et al., 2005; Hennigs et al., 2013; Kastanakis & Balabanis, 2012; 
Vigneron & Johnson, 2004), some issues remain that need to be 
addressed in further research. Specifically, traditional models need to be 
updated to quantitatively assess how the entry of new consumer seg-
ments into the luxury brand market influences the variables present in 
traditional models of perceived value of luxury brands (Hennigs et al., 
2015; Yu et al., 2018). Accordingly, relevant studies have undertaken 
quantitative analysis (Walley et al., 2013) and revisited the existing 
models to update them to the current context in which the influence of 
perceived value might have changed from the entry of new segments 
into the luxury fashion market (Dubois et al., 2005; Saura et al., 2019). 
Some of these changes involve consumers’ use of digital channels to 
interact with other consumers and to manifest their behavioral reactions 
to brands (Yu et al., 2018). 

We revisit exiting models of consumers’ perception of the concept of 
the value of luxury brands with the aim to help brands adapt their 
strategies and thus, be able to respond to the needs of young consumers 
who, as we have mentioned, are the ones propelling the luxury market 
growth. To this end, drawing from several studies (Dubois et al., 2005; 
Heine & Phan, 2011; Hennigs et al., 2013; Kastanakis & Voyer, 2012), 
we propose an up-to-date research model. We collect data through a 
survey and analyze them using the partial least squares-structural 
equation modeling (PLS-SEM) technique. The value of our research is 
that by taking traditional models as a starting point, we can account for 
structural changes in the sector to propose an up-to-date model of the 
perception of the value of luxury products according to current reality. 

2. Literature review 

Several studies, including that of Stepien et al. (2016), have inves-
tigated consumers’ perception of the value of luxury brands to define the 
scope of the concept of luxury and its influence on different markets and 
industries as well as the creation of value in these markets (Yu et al., 
2018). Kastanakis and Voyer (2012) highlight the importance of cultural 
elements in determining consumers’ individual perception of their 
environment. The cultural dimension also determines the way con-
sumers process information and their user behavior when they purchase, 
for example, luxury products. In this sense, Walley et al. (2013) identify 
characteristics of luxury that affect user perceptions when making pur-
chases, and Vigneron and Johnson (2004) propose a conceptual 
framework to improve the understanding of the luxury sector (see also 
Kapferer & Valette-Florence, 2016). 

Although many studies have investigated the concept of value in the 
luxury sector, the structural changes in the market make it necessary to 
update the investigations and review existing models (Kastanakis & 
Balabanis, 2014; Yu et al., 2018). While Hennigs et al. (2013) aimed to 
understand the antecedents of the perception of luxury brands, taking 
into account that the indicators are linked to user behavior, they did not 
incorporate some of the newest approaches in which the social con-
struction of value plays a major role in the perception of the value of 
luxury brands (Goodrich & Mangleburg, 2010; Kastanakis & Balabanis, 
2012). Changes in theoretical models might happen for several reasons, 
but in the luxury industry, there are two drivers in particular. First, new 
segments continuously enter the luxury market and boost growth (Bain 
& Company, 2018). Second, the use of technologies affects how con-
sumers perceive the value of luxury brands (Kim & Kim, 2014; Yu et al., 
2018). For example, Paul (2019) presents models of brand management 
based on the Masstige Mean Index to reconceptualize and explain how 
brands can measure the extent of exclusivity when they present their 
products to mass consumers. Other authors such as Kastanakis and 
Balabanis (2014) deepen the understanding of social co-creation of 
value in which the bandwagon effect, the Veblen effect, and the snob 
effect play major roles in perceived brand value. Accordingly, research 
presents the advantages of the Internet for luxury brands without 
affecting users’ perception of exclusivity and value (Yu et al., 2018). 

However, a gap remains in the literature that we aim to address. 
Specifically, we review the traditional models of value perception for 
luxury brands and aim to update them to the new reality of the market in 
which online channels and young consumer segments are key elements 
(Jain, 2020; Lee et al., 2020; Ngai & Cho, 2012), while not limiting the 
study to only deepening the social perception of value (Kastanakis & 
Balabanis, 2014; Tynan et al., 2010) but also incorporating all the ele-
ments traditionally considered to be drivers of perceived luxury brand 
value. Table 1 lists previous research on the characteristics of luxury and 
description of previous relevant studies. 

With respect to the attributes analyzed in different models, several 
studies are particularly relevant for the present research. For example, 
Hennigs et al. (2013) focus on understanding the impact of antecedents 
(i.e., financial brand (FB) perception, functional brand perception 
(FUB), and social brand perception (SBP)) on overall brand perception 
and find that overall brand perception influences outcomes such as 
cognitive brand strength, affective brand strength, and conative brand 
strength. In a later study, Hennigs et al. (2015) examine the behavior of 
luxury brand users. They present a model to analyze the background 
(financial value, social value, and functional value) of individual luxury 
value perceptions as well as to evaluate the impact of individual luxury 
value perceptions on outcomes (e.g., purchase intention, recommenda-
tion behavior, and willingness to pay a price premium). Presenting an 
opposite viewpoint, Kastanakis and Balabanis’s (2012) approach argues 
that social value, rather than exclusive and financial value, highly in-
fluences consumers’ perception of luxury brands. Yu et al. (2018) use a 
model focused on user behavior in online environments. Their model is a 
purchasing behavior model centered on the influence of perceived risk 
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and brand quality on the online purchase decision. 
In our study, we develop a conceptual model of the perceived value 

of luxury brands, with a special focus on the online environment (Yu 
et al., 2018). To this end, we begin with the perceived social influence 
purposed by Goodrich and Mangleburg (2010) and Kastanakis and 
Balabanis (2012, 2014) and frame it into the antecedents and outputs of 
brand value and value co-creation previously proposed and developed 
by Tynan et al. (2010) and Hennigs et al. (2013, 2015). 

3. Conceptual framework and hypotheses development 

Given the growth of different brand segments (Berthon et al., 2009) 
and consumers’ use of technologies when purchasing luxury brand 
products, an up-to-date analysis of the overall perception of the value of 
luxury brands is required. In particular, to understand overall brand 
perception in the new context of luxury brands, different components of 
consumer perceptions must be considered. Thus, to gain a comprehen-
sive understanding of the perception of these brands, following the 
scheme Hennigs et al. (2013, 2015) propose, we organize the compo-
nents into different blocks. On one extreme are antecedents that have a 
direct influence on the overall brand perception (Goodrich & Mangle-
burg, 2010; Kastanakis and Balabanis, 2012, 2014) on the other extreme 
are the so-called outcomes (Hennigs et al., 2015; Tynan et al., 2010; Yu 
et al., 2018). These outcomes include the factors resulting from value 
perception (Hennigs et al., 2013) and the behaviors resulting from that 
perception of the value of luxury brands (Hennigs et al., 2015; Yu et al., 
2018). We first discuss the background in relation to the first three hy-
potheses (H1, H2, and H3) and then discuss the outcomes addressed in 
the next set of hypotheses (H4, H5, and H6). Fig. 1 graphically depicts 

the hypotheses, the constructs, and the measured items for each. 
Luxury brands have traditionally been considered exclusive and of 

high quality (Lynn, 1991). Consumers particularly used to tie exclusive 
and high-quality products to highly priced items (Heine & Phan, 2011); 
the higher the price of a product, the more desirable and exclusive it was 
for consumers. However, Lee et al. (2020) demonstrate that high prices 
prevent young consumers from buying luxury products, while low prices 
are a hook for price-sensitive segments of younger consumers. As such, 
revisiting the traditional perception of the influence of price on the 
overall brand perception of the value of luxury products is important. 
Thus, we hypothesize the following: 

H1. Financial brand perception has an impact on overall luxury brand 
perception. 

Considering the individual components of perception, such as the 
functionality of luxury brand products (Jevons & Gabbott, 2000; Kas-
tanakis & Balabanis, 2014; Lee et al., 2020), is necessary to understand 
overall brand perception. According to Wiedmann et al. (2009), Hennigs 
et al. (2013), and Shukla et al. (2015), including the functional value of 
luxury products in the analysis of brand perception is necessary to un-
derstand the overall brand perception of luxury products. Functional 
value comes from attributes that support the use of the product and they 
are not limited anymore to the post purchase phase. With the intro-
duction of omnichannel strategies and online and offline experiential 
functional attributes, such as virtual fitting rooms, this perception has 
changed and needs to be updated (Lee et al., 2020). Thus, we draw from 
these studies to formulate the following hypothesis: 

H2. Functional brand perception has an impact on the overall luxury 
brand perception 

Many researchers believe that social factors strongly influence con-
sumption (Hennigs et al, 2013, 2015; Kastanakis & Balabanis, 2012; 
Wiedmann et al., 2009). Shukla et al. (2015) state that consumer per-
ceptions of luxury brands are determined by the social perception of 
those brands. Kastanakis and Balabanis (2011) explain the importance 
of interdependence in purchasing behavior toward luxury products. 
Hennigs et al. (2013) measure the impact of SBP by overall luxury brand 
(OLB) perception, defining the former as a variable that provides a 
feeling of differentiation, acceptance, and social protection by giving 
consumers a sense of status and self-confidence. Of note, Yu et al. (2018) 
highlight the importance of SBP in the context of digital transformation 
of luxury brands. Thus: 

H3. Social brand perception has an impact on overall luxury brand 
perception. 

The overall perception of luxury affects consumer behavior toward 
luxury brands (Brakus et al., 2009; Hennigs et al., 2015; Yu et al., 2018). 
Consumers highly value authenticity, and this aspect has become one of 
the greatest challenges for luxury brands, particularly in today’s digital 
context (Bain & Company, 2018; Yu et al., 2018). While research pre-
viously assumed that the use of digital media for the sale of luxury 
brands could damage the perception of exclusivity, more recent research 
has shown that this is not the case (Paul, 2015, 2019). What really 
matters when examining the behavior of luxury brand consumers both 
online (Yu et al., 2018) and offline (Hennigs et al., 2015) is the OLB 
perception. Thus, we propose the following: 

H4. Overall luxury brand perception has an impact on consumers’ 
behavioral reaction. 

Consumers have a concrete perception of the value of luxury brands 
based on their knowledge of that brand (Brakus et al., 2009). The in-
dividual evaluation of a luxury brand influences the brand’s attributes 
and its functional and symbolic benefits (Hennigs et al., 2013). Among 
the components of brand strength are brand uniqueness, superior 
quality, and value (Pecot et al., 2018). Luxury consumers with a positive 
attitude toward brand value appreciate the components of cognitive 
brand strength (CBS). Hennigs et al. (2015) identify uniqueness and 
brand value as elements that influence CBS. Thus, we propose the 

Table 1 
Relevant studies on luxury value.  

Study Description 

Vigneron and Johnson 
(2004) 

The study proposes a model for the analysis of consumer 
perception of luxury. 

Kastanakis and 
Balabanis (2012) 

The authors present the element that explain the 
bandwagon effect, namely consumers’ interdependent 
self-concept underlies bandwagon luxury consumption, 
which is mediated by the level of consumers’ status- 
seeking predispositions, susceptibility to normative 
influence, and need for uniqueness. 

Dubois et al. (2005) The study analyzes consumer attitude toward luxury. It 
also presents a segmentation model for luxury brands. 

Hennigs et al. (2013) The study analyzes brand strength from an individual 
perspective. The model includes the impact of the 
background of the luxury brand on overall brand 
perception and the influence of overall brand perception 
on the components of the luxury brand. 

Kastanakis and 
Balabanis (2014) 

The study presents and confirms a model in which the 
bandwagon and snob effects are underlying variables in 
generic luxury consumer behavior. Snobbish consumers 
perceive value in luxury when only a few consumers own 
a similar product, while in the Veblen effect, consumers 
value a product only when there is an increase in its price. 

Hennigs et al. (2015) The study analyzes the background of individual luxury 
value perception and assesses its impact on outcomes with 
a focus on user behavior. 

Stepien et al. (2016) The study develops a model to identify consumer 
perceptions of value in luxury brands. 

Liang et al. (2017) The study identifies research gaps in the luxury industry. 
The authors define luxury of different types and discuss 
different value perceptions. 

Yu et al. (2018) The study finds that the quality of the brand and the 
perceived risk influence users’ behavior when buying 
luxury products online. 

Lee et al. (2020) The study highlights the importance of price and 
multichannel attributes for young consumers of luxury 
products. 

Jain (2020) The study analyzes the variables that influence customer 
behavior of young consumers (i.e., generation Y), with 
respect to luxury products in India.  
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following: 

H5. Overall luxury brand perception has an impact on CBS. 
Affective brand strength (AF) refers to the emotional bond between a 

customer and a brand (Keller, 2009). Consumers’ perception of a luxury 
brand influences the strength of that brand to express their identity and 
meet their social needs (Hennigs et al., 2013). In addition, AF influences 
the extent to which consumers are involved with the brand and their 
confidence in the brand (Ghosh & Varshney, 2013). Thus: 

H6. Overall luxury brand perception has an impact on affective brand 
strength. 

4. Methodology 

4.1. Measurement 

Survey participants rated the measured items on a 5-point Likert 
scale (1 = “strongly disagree” and 5 = “strongly agree”). Fig. 1 and the 
Appendix show that the model comprises seven dependent variables: AF, 
behavioral reaction to brand (BRB), CBS, and OLB perception. The in-
dependent constructs are FB perception, FUB, and SBP. The Appendix 
lists the items used to measure each of the variables. 

The first column of the Appendix provides a summary of previous 
studies that introduce the key variables used in the present study. The 
last column describes the results that validate these variables. Specif-
ically, the individual reliability of the indicator loads (λ), which meets 
the minimum level for acceptance as part of the construct, is usually set 
at 0.707 or higher (Carmines & Zeller, 1979). 

The five variables used for classification are gender, age, marital 
status, monthly income, and education level. As Fig. 1 shows, the pro-
posed model uses a type-A compound (MacKenzie et al., 2005). We 

created the survey questionnaire in a web format and distributed it 
online using the Google Docs service for questionnaire development. 

4.2. Data collection 

We used a survey to test the research hypotheses. The respondents 
were regular consumers recruited in shopping centers and luxury stores. 
The data were collected in shopping malls in residential areas of Madrid 
and from consumers who initially expressed a preference for and/or 
habit of buying luxury products. The survey served to collect the data, 
and the respondents could optionally answer the questionnaire online at 
home. In this case, the questionnaire was made available through an 
email link sent to the customers. 

We carried out a pilot study, with 52 individuals who expressed a 
preference for and/or habit of buying luxury products to receive feed-
back to refine the questionnaire and adjust the content and order of the 
questions. The participants in the pilot study were asked to read the 
instructions, and then, to answer all the questions. They were then asked 
to provide comments and suggestions for the improvement of both the 
instructions and questions. The most important changes the participants 
suggested were for rewording of items, as they did not fully understand 
the original questions or found them confusing, which consequently 
resulted in ambiguous answers. We modified the problematic items or 
removed them from the questionnaire. 

The online questionnaire was administered using nonprobabilistic 
snowball sampling (Trespalacios et al., 2005). The final sample con-
sisted of 225 individuals (see Table 2). With regard to the sample, 56 
(24.9%) were men, 165 (73.3%) were women, and 4 (1.8%) did not 
answer about their gender. Most respondents were between 20 and 39 
years of age, held a university degree, earned a monthly income ranging 
from 1000 € to 2000 €, and were single or lived with a de facto partner 

Fig. 1. The proposed model.  
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(see Table 2 for further details). We analyzed all answers to the ques-
tions before tabulation. If we detected more than four identical answers 
in a row, we removed the questionnaire from the final sample. 

Hair et al. (2013) state that the Cohen (1992) tables should be used 
to determine the minimum sample size for PLS modeling. We calculated 
the values with the G* Power software (Faul et al., 2007). We checked 
the dependent variables or those with the highest number of items (i.e., 
those with the greatest number of arrows in Fig. 1). We used the 
following parameters for this calculation: the power of the test (power =
1 – β error prob II) and the effect size (f2). Hair et al. (2013) recommend 
a power of 0.80 and an average effect size of 0.15. In our case, the 
number of predictors (i.e., the constructs with a predicted causal rela-
tionship with f2) was 3. To carry out PLS modeling with these parame-
ters, the minimum sample size for the OLB perception construct was 78 
observations for a minimum power of 0.80. The number of survey re-
spondents (n = 225) gave a calculated power of 99.93. 

The SEM using variance allows for a statistical analysis of a series of 
interrelated dependency relationships between the latent variables in 
the model (constructs) and their indicator variables (items). This is done 
by directly measuring observable variables (Sarstedt et al., 2016) and 
using the PLS technique. The PLS technique is a complete SEM method 
that can be applied to factor and composite models to measure the 
constructs as well as to estimate structural models and perform fit tests 
of the models (Henseler et al., 2015; Rigdon, 2016). Prior research notes 
that the choice of the best SEM approach depends on the type of latent 
variables being measured (Cepeda-Carrion et al., 2019; Sarstedt et al., 
2016). 

We considered the PLS-SEM technique valid for this study to test the 
hypotheses and to validate the conceptual model presented previously. 
The PLS-SEM technique can also calculate the reliability, validity, and 
suitability of the constructs in the proposed hypotheses. In recent years, 
PLS-SEM has been widely used (Schlägel & Sarstedt, 2016), and as it 
measures and estimates models with greater flexibility (Hair et al., 
2013), it has gained wide acceptance in business management research 
(Hair et al., 2012) and as an analytical method in European management 

research (Rigdon, 2016). 
Reinartz et al. (2009) explain that the minimum sample size to 

achieve a certain level of statistical power in PLS-SEM is always less than 
or equal to the size required for the covariance-based SEM. According to 
Reinartz et al. our sample (n = 225) is small, and the application of 
PLS-SEM is justified when the number of observations is fewer than 250 
(Kurt et al., 2016). 

We took an exploratory approach in this study because the content of 
the research is relatively new, and the corresponding theory has not yet 
been consolidated. Hair et al. (2011) strongly recommend this data 
analysis technique in these circumstances. The PLS-SEM technique is 
also widely used in research in the areas of marketing and business 
management (Martins et al., 2019; Reinartz et al., 2009; Reyes-Me-
nendez et al., 2018, 2019). The software used to analyze the data in the 
pilot study was IBM SPSS 24. We analyzed the final sample using PLS 
Smart 3.2.7 software (Ringle et al., 2015). 

5. Results 

We first report the results of the measurement model evaluation to 
assess the reliability of the indicators, reliability of the constructs, 
convergent validity, and discriminatory validity. Then, we provide the 
results after testing the proposed structural model. 

5.1. Measurement model 

First, we measured the individual reliability of the indicator loads 
(λ). As noted previously, the minimum level for acceptance (λ) as part of 
the construct is usually set at 0.707 or higher (Carmines & Zeller, 1979), 
and all values exceeded this minimum load. The commonality of a 
variable (λ2) is the part of the variance explained by a factor or a 
construct (Bollen, 1989). Second, we assessed the consistency of the 
constructs using Cronbach’s alpha, rho_A, composite reliability (CR), 
and average variance extracted (AVE). These values help evaluate the 
consistency of a construct based on its indicators (Götz et al., 2010), that 
is, the rigor with which these items measure the same latent variable. 

Cronbach’s alpha determines the consistency of each construct, and 
CR measures the reliability of the constructs. The calculated values can 
be between 0 and 1. The lower limit established for acceptance of the 
consistency and reliability of the construct is usually between 0.6 and 
0.7 (Hair et al., 2005). Table 3 shows that all variables exceeded the 
minimum values for acceptance, and because all the constructs had 
Cronbach’s alpha and CR values greater than 0.7, we deemed them 
reliable (Henseler et al., 2009). Convergent validity is given by the value 
of the AVE, which should be at least 0.5 to be considered sufficient and 
to explain, on average, more than half the variance of the indicators 
(Henseler et al., 2009). Table 3 shows that the AVE values for all the 
constructs were above 0.5, which indicate convergent validity in all 
cases. 

We tested for discriminant validity using the Fornell–Larcker crite-
rion. According to this criterion, a construct should share more variance 
with its indicators than with other constructs in a given model (Henseler 
et al., 2009). We checked the square roots of the AVEs to verify this; the 
value should be greater than the correlation between the construct and 
the rest of the model’s constructs. Table 4 shows that this condition was 

Table 2 
Survey respondents’ profiles (n = 225).  

Items Frequency % 

Gender 
Male 56 24.9 
Female 165 73.3 
NA 4 1.8 
Age 
15–19 years 11 4.9 
20–30 years 87 38.7 
31–39 years 57 25.3 
40–49 years 45 20.0 
50–59 years 21 9.3 
>59 years 4 1.8 
Education level 
Without studies 4 1.8 
Diploma/advanced diploma 3 1.3 
Bachelor degree/professional qualification 45 20.0 
University graduate 173 76.9 
Monthly income 
<1000 € 79 35.1 
1001–2000 € 84 37.3 
2001–3000 € 28 12.4 
3001–4000 € 5 2.2 
4001–5000 € 5 2.2 
Not working (e.g., retired) 7 3.1 
NA 17 7.6 
Marital status 
Married 53 23.6 
Divorced 8 3.6 
De facto couple 57 25.3 
Single 100 44.4 
Widower/Widow 2 0.9 
Other 5 2.2  

Table 3 
Cronbach’s alpha, rho_A, CR, and AVE (n = 225).  

Construct Cronbach’s alpha rho_A CR AVE 

Financial brand perception 0.929 0.931 0.944 0.737 
Functional brand perception 1.000 1.000 1.000 1.000 
Overall luxury brand perception 0.935 0.948 0.954 0.84 
Social brand perception 0.926 0.929 0.945 0.774 
Behavioral reaction to brand 0.986 0.986 0.988 0.888 
Cognitive brand strength 0.98 0.981 0.982 0.773 
Affective brand strength 0.969 0.97 0.974 0.845  
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fulfilled for all the latent variables in the study (Fornell & Larcker, 
1981). We also calculated the rho_A indicator (Dijkstra & Henseler, 
2015a, 2015b); all the constructs had values exceeding 0.7. 

The second criterion is that the load of each indicator should be 
greater than its cross load. This criterion reduced the number of items 
considerably because there were items in each construct for which the 
value of the load was not higher than the cross load. We eliminated these 
items, retaining only the items that met the requirement of the second 
criterion. 

This analysis confirmed that the constructs in the study shared more 
variance with their indicators than with other constructs in the model 
(Henseler et al., 2009). We can therefore conclude that these constructs 
have discriminant validity and can be used to test the structural model in 
a valid way. 

5.2. Structural model 

As indicated, we found that the measurement model was satisfactory, 
and therefore we tested the structural model. We used the bootstrapping 
technique configured to readjust the 5000 subsamples to estimate the 
statistical significance of the path coefficients (Tenenhaus et al., 2005). 
We used a t-distribution because the direction of the relationships was 
specified in the model. 

The value obtained for the standardized root mean square residual 
(SRMR) (Hu & Bentler, 1998) measures the difference between the 
matrix of correlations observed, and the matrix of correlations implied 
by the model. The resulting value gives a measure for the approximate 
adjustment of the model (Henseler et al., 2017). Hu and Bentler (1998) 
argue that a model has a good fit when SRMR is less than 0.08. In this 
study, the value for SRMR was 0.047; therefore, the model has a good fit. 

When analyzing the explanatory power of the model in terms of 
explained variance, Chin (1998) suggests that values of 0.67, 0.33, and 
0.19 for R-square show strong, moderate, and weak explanatory power, 
respectively. Falk and Miller (1992) state that R-square values below 0.1 
mean that the relationships formulated as hypotheses have a low 
explanatory power, even though they can be statistically significant. The 
results of our study show that the structural model explained 70.4% of 
the total variance in BRB and 88.7% in CBS. Furthermore, the structural 

model explained 75.6% of the total variance in effective brand strength 
and 92.4% in OLB perception. The explanatory power of endogenous or 
dependent variables was strong in all cases (Chin, 1998). The R-square 
values of all the endogenous variables greatly exceeded the minimum 
threshold of 0.1, thus confirming the predictive value of the model (Falk 
& Miller, 1992). We summarize the results of the structural model hy-
potheses in Fig. 2 and Table 5. 

We then analyzed the hypotheses for the OLB perception. Of the 
three constructs predicted to influence OLB perception, the results 
showed that neither FB perception (H1: β = 0.152 and p = 0.334) nor 
FUB (H2: β = 0.157 and p = 0.456) was supported. However, SBP (H3) 
was supported (β = 0.656 and p = 0.002), with a confidence interval of 
99%. 

The next analysis tested for the impact of the different hypotheses on 
OLB perception. The results showed support for the impact of OLB 
perception on consumers’ behavioral reactions (H4: β = 0.811 and p =
0.000), with a confidence level of 99.9%. H6 predicted that OLB 
perception would influence affective brand strength; it was also sup-
ported (β = 0.861 and p = 0.000), with a confidence level of 99.9%. 
Finally, the relationship between OLB perception and CBS (H5) was 
confirmed (β = 0.861 and p = 0.000), with a confidence level of 99.9%. 

The results provide support for four (H3, H4, H5, and H6) of the six 
hypotheses. Overall, the hypotheses related to the three final endoge-
nous constructs have a confidence level of 99.9% while one of the hy-
potheses related to the exogenous constructs was not supported, with a 
confidence level of (99%). 

We employed the blindfolding procedure to determine whether the 
model is predictive. In this test, we omit part of the data for a given 
construct and estimate the remaining data to check whether the results 
are the same as under the full data (Chin, 1998). To do so, we evaluated 
the predictive relevance of the model using the Stone–Geisser (Q2) test 
(Geisser, 1974; Stone, 1974). The results showed that the model is 
predictive (see Table 6), as Q2 is greater than 0 in all endogenous 
constructs. 

6. Discussion 

Previous research has proposed models to understand the variables 
that influence consumers’ decision-making on luxury products, and the 
influence of the perception of the value of these luxury products on user 
behavior (Dubois et al., 2005; Hennigs et al., 2013; Vigneron & Johnson, 
2004; Wiedmann et al., 2009; Kastanakis & Balabanis, 2012, 2014). 
These models represented the reality at the time they were developed. 
However, the environment for luxury brands has changed (Kastanakis & 
Voyer, 2012). New consumer segments, such as millennials, have 
entered the luxury market, and in recent years, have become the main 
source of growth for the sector (Bain & Company, 2012; Hennigs et al., 
2015; Saura et al., 2019). These consumers have different habits and 
prioritize the online channel as a source of information and purchase (Yu 
et al., 2018). The value of our research is that, by taking these models as 
a starting point, we account for structural changes in the sector to pro-
pose an up-to-date model of the perception of the value of luxury 
products according to current reality. 

We predicted that financial (H1) and functional (H2) brand 
perception would influence OLB perception. However, we found no 
support for these predictions, which means that in the up-to-date model 
of the OLB perception based on antecedents and components proposed 
by Hennigs et al. (2013) and behavioral outcomes proposed by Hennigs 
et al. (2015) and Yu et al. (2018), the financial and functional charac-
teristics of luxury products are not as important for luxury brand 
perception as they were in the original models. Thus, we can conclude 
that economic motivation or pragmatic considerations are no longer 
important when luxury products are purchased. 

We find no support for FB perception likely because a high price is no 
longer important for a product to be perceived as exclusive; rather the 
case is the opposite—now, exclusivity is determined by the capacity of 

Table 4 
AVE and correlations.  

Construct AF BRB CBS FB FUB OLBD SBP 

Affective 
brand 
strength 
(AF) 

0.919       

Behavioral 
reaction to 
brand (BRB) 

0.960 0.942      

Cognitive 
brand 
strength 
(CBS) 

0.924 0.900 0.879     

Financial 
brand 
perception 
(FB) 

0.839 0.836 0.909 0.859    

Functional 
brand 
perception 
(FUB) 

0.819 0.866 0.844 0.875 1.000   

Overall luxury 
brand 
perception 
(OLDB) 

0.870 0.840 0.942 0.918 0.871 0.916  

Social brand 
perception 
(SBP) 

0.870 0.844 0.923 0.905 0.868 0.952 0.880 

Note: The square roots of the AVEs are on the diagonal. 
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the people who carry the product to create social exclusivity. These 
results are contrary to those Hennigs et al. (2013, 2015) propose in their 
research, in which financial value is an effect of perceived brand value. 

Instead, these results are in line with the research of Kastanakis and 
Balabanis (2012, 2014), in which the social influence or bandwagon 
effect has a greater weight than the Veblen effect, which in our research 
is equivalent to overall brand perception, as higher prices lead to pur-
chase behavior from luxury consumers. 

With regard to FUB, it has a strong influence on overall brand 
perception (Lee et al., 2020; Yeh et al., 2016). In addition, functional 
value is highly related to consumers’ perception of a brand’s value, 
which shows the importance of the utility between value and the price 
paid. While Yeh et al. (2016) show that brand loyalty is important for 
consumer products, in our research this relationship is not supported. 
This may be because, in the case of luxury products, the perception of 
value is related to emotional and unconscious components rather than to 
rational and conscious ones. 

In addition, our prediction that luxury brand perception would in-
fluence SBP (H3) was supported with a confidence level of 99%. Our 
findings are consistent with Kastanakis and Balabanis’s (2012) and 
Hennigs et al.’s (2013) results, as there is a social component to the 
perception of luxury. This social component, however, has greater 
relevance in our up-to-date model, as our result for this construct has a 
higher reliability (β = 0.656) than that (β = 0.556) in Hennigs et al.’s 
(2013) study. This finding is an important insight for the luxury fashion 
industry. The social component includes consumers’ feelings of 
belonging to and being accepted by an exclusive group. Users who buy 
luxury products are interdependent on other users, which influence their 
behavior (Kastanakis & Balabanis, 2011). Moreover, the ubiquitous use 
of technology might increase the importance of social components, 
particularly when using social media (Reyes-Menendez et al., 2020; 
Saura et al., 2019). Brand management should take this social and 
digital component into account, together with the idea that young 
consumers who access the luxury market are the group that helps 

Fig. 2. Structural model.  

Table 5 
Path coefficients (β), t-statistics, and p-values.  

Hypotheses β t p Result 

H1: Financial brand perception → 
overall luxury brand perception 

0.152 0.967 0.334 Not 
supported 

H2: Functional brand perception → 
overall luxury brand perception 

0.157 0.745 0.456 Not 
supported 

H3: Social brand perception → overall 
luxury brand perception 

0.656 3.041 0.002 Supported 
** 

H4: Overall luxury brand perception 
→ behavioral reaction to brand 

0.811 13.191 0.000 Supported 
*** 

H5: Overall luxury brand perception 
→ cognitive brand strength 

0.906 26.139 0.000 Supported 
*** 

H6: Overall luxury brand perception 
→ affective brand strength 

0.861 15.340 0.000 Supported 
*** 

Notes: For 5000 subsamples, based on t-distribution (4999). 
*p < 0.05 (t(0.05; 4999) = 1.64791345); **p < 0.01 (t(0.01; 4999) =
2.333843952); and ***p < 0.001 (t(0.001; 4999) = 3.106644601). 

Table 6 
Stone–Geisser test (Q2).  

Endogenous constructs Q2 (= 1 – SSE/SSO) 

Affective brand strength 0.223 
Behavioral reaction to brand 0.026 
Cognitive brand strength 0.053 
Overall luxury brand perception 0.340  
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increase economic value (Bain & Company, 2018). 
The hypothesis with the lowest level of influence was the relation-

ship of OLB perception with BRB (H4). Consumers’ behavioral reactions 
to the brand can include behavioral patterns, such as purchasing or 
recommendations to other potential consumers (Yu et al., 2018). The 
study confirmed the relationship between OLB perception and CBS (H5). 
Luxury consumers with a positive attitude toward a brand positively 
value components such as CBS and uniqueness (Hennigs et al., 2013). 
Finally, the results also confirm that OLB perception influences AF (H6). 
AF indicates the emotional bond between a customer and a brand 
(Keller, 2009); thus, to satisfy consumer needs on an emotional level is 
important for luxury brands (Pecot et al., 2018). 

7. Conclusions 

This study aimed to validate an up-to-date model to determine the 
impact of perceived social value on consumer behavior toward luxury 
brands based on the model of Kastanakis and Balabanis (2012, 2014) 
and Hennigs et al. (2013, 2015) in which the social influence is an 
antecedent of luxury purchasing behavior. The entry of new consumer 
segments into the luxury brand market as well as the impact of these 
segments on the growth of this market, highlights the need to review the 
widely accepted models validated in previous research. This case, 
together with the expansion of technologies and changes in luxury brand 
consumers’ buying habits, reinforces the importance of updating 
research to determine the extent to which these structural changes 
modify consumer behavior. Our results show that, while previous 
studies (e.g., Hennigs et al., 2015, 2013; Yu et al., 2018) can help explain 
luxury consumers’ behavior, due to recent structural changes in luxury 
markets (Jain, 2020; Lee et al., 2020), their models must be updated to 
develop appropriate brand management strategies. 

7.1. Practical contributions 

The results of this study show that luxury companies that want to 
update their brand management should consider a series of antecedents 
that influence overall brand perception, including the social component 
and functional or financial attributes. In particular, we find that in the 
up-to-date model, the social component mainly influences overall brand 
perception. Accordingly, luxury brands should take this influence into 
account and consider the channels that most influence their consumers. 
This is particularly important for younger consumers, as, in recent years, 
this group has driven the growth of the luxury market. Younger con-
sumers make daily use of their mobile phones as a means for social 
communication, use social networks as a means for expression, and seek 
their identity in luxury brands. 

Furthermore, luxury brands should consider the outcomes that arise 
as a consequence of consumers’ perception of luxury brands. Depending 
on the type of outcomes (e.g., those related to purchase or recommen-
dations), luxury brands should develop specific brand management 
strategies. Given that consumers are increasingly connected, luxury 
companies that want to manage consumer behavior must improve and 
strengthen this aspect. Younger consumers’ considerable use of social 
networks and mobile devices to communicate and purchase products, as 
well as to make recommendations to other users, gives luxury brands 
many novel opportunities (e.g., influencer marketing and loyalty pro-
grams) for growth. 

With regard to the fear of the loss of exclusivity of luxury brands if 
they employ online channels, Paul (2019) developed a path for brand 
management with his “masstige” models based on the Masstige Mean 
Index. In addition, Yu et al. (2018) concludes that the Internet should be 
considered an opportunity rather than a predicament. Finally, with 

respect to other outcomes, important affective and cognitive compo-
nents are linked to consumers’ emotions and information. Luxury brands 
should implement brand management strategies for all channels, 
whether online or offline. In this case, brand messages should provide 
emotional information that both makes customers want to own the 
luxury product and offers arguments that justify such purchase. 

7.2. Theoretical contributions 

This study draws from several previous studies to validate an up-to- 
date model (Hennigs et al, 2013, 2015; Yu et al., 2018). This model 
builds on both traditional models of overall brand perception and new 
models based on structural changes of luxury markets that have emerged 
in response to the appearance of new technologies (e.g., the Internet) 
and the entry of new segments in the market (e.g., millennials). Re-
searchers considering identifying opportunities for brand management 
on the basis of new segments or new technologies can use the results of 
our study as a starting point. 

In addition, our findings advance research on the influence of the 
social component on users’ perception of luxury brands. The results also 
show a link between the quality of luxury brands and consumer pur-
chase decisions, thus making a meaningful contribution to extant liter-
ature on the factors that affect luxury brand buyers. 

7.3. Future research and limitations 

Future research might expand the sample to improve the represen-
tativeness of some of the variables. For example, research could examine 
behavioral reactions to a brand, which include all user behaviors, 
separately from recommendations to purchase a luxury product. 
Furthermore, it would be useful to conduct cross-cultural comparative 
studies as well as investigate different age groups, to identify whether 
and how younger consumers behave differently from older consumers. 
The results of research along these lines would be of particular interest 
to brand managers. 

Two limitations of this study are its relatively small sample size and 
the time horizon to obtain the data. These limitations suggest the need 
for future research to conduct large-scale studies that include more re-
spondents and also longitudinal studies. 

In this sense, we consider that this research opens new avenues of 
research. The first one will be focused on our first result, the fact that 
only the SBP has an influence on the overall brand perception. In this 
sense, it is necessary to delve into the social component that acts as an 
antecedent of the perceived value of luxury brands. Is the importance of 
the social component a consequence of the exponential use of social 
networks and mobile devices? Are there other social elements influ-
encing the perception of value? For example, offline channels. Are 
young consumers omnichannel in terms of the social influence they 
receive? 

Second, it is necessary to deepen into the understanding of the two 
hypotheses that were not supported in our model, the functional and the 
financial perceived value. What is the reason why these antecedents are 
no longer valid in the overall brand perception model? Does this happen 
in other segments than young people? 

Finally, new lines of research arise linked to the model in global. 
Does social influence have the same effect on men and women? Is 
perceived social value the only antecedent in other product categories? 
What actions is management taking to update their strategies based on 
the increasing importance of social influence? And what are the effects 
of the updated model on branding, sales, and management for luxury 
products?  

AppendixSurvey questions for the structural model and factor loadings (λ) 
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Construct Item 
code 

Survey questions λ 

Financial brand perception (Hennigs et al., 2013) FB1 I like to buy products of luxury fashion brands because I can afford those products. 0.889 
FB2 Products of luxury fashion brands bring me refinement and class. 0.902 
FB3 For me, products of luxury fashion brands represent something unique. 0.890 

Functional brand perception (Hennigs et al., 2013; Shukla et al., 
2015) 

FUB1 I buy products of luxury fashion brands because I believe that their quality is higher. 1.000 

Social brand perception (Hennigs et al., 2013; Shukla et al., 2015) SB1 If I did not buy products of luxury fashion brands, my friends would look at me 
differently. 

0.956 

SB2 The use of products of luxury fashion brands reflects my prestige and high social status. 0.943 
Overall luxury brand perception (Hennigs et al., 2013; Yu et al., 

2018) 
OLB1 I do not usually get along with people who do not use products of luxury fashion brands. 0.890 
OLB2 I love unconventional luxury fashion brands. 0.970 
OLB3 I need unconventional luxury fashion brands in my life. 0.967 
OLB4 It is a pleasure for me to use products of luxury fashion brands. 0.914 

Behavioral reaction to brand (Hennigs et al., 2015) BR1 I almost never buy unconventional luxury fashion brands. 0.942 
BR 2 Products of luxury fashion brands are bought primarily for the sake of self-pleasure. 0.940 
BR3 You have to be a bit snobbish to buy products of luxury fashion brands. 0.943 
BR4 Nowadays, everyone should have access to products of luxury fashion brands. 0.953 
BR5 People who buy products of luxury fashion brands seek to imitate the rich. 0.986 
BR6 People who buy products of luxury fashion brands try to differentiate themselves from 

others. 
0.979 

Affective brand strength (Hennigs et al., 2013) AF1 After all, I quite like the products of luxury fashion brands. 0.949 
AF2 Products of luxury fashion brands make life more beautiful. 0.932 
AF3 I could talk about products of luxury fashion brands for hours. 0.962 
AF4 When I wear a product of a luxury fashion brand, I feel like I’m a little disguised. 0.948 

Cognitive brand strength (Hennigs et al., 2013) CB1 I do not know much about products of luxury fashion brands. 0.947 
CB2 In general, products of luxury fashion brands are brands of higher quality. 0.946 
CB3 Some education is necessary to appreciate the products of luxury fashion brands. 0.918 
CB4 In my opinion, products of luxury fashion brands are outdated. 0.924  

Appendix A. Supplementary data 

Supplementary data to this article can be found online at https://doi.org/10.1016/j.emj.2021.06.006. 
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Götz, O., Liehr-Gobbers, K., & Krafft, M. (2010). Evaluation of structural equation models 
using the partial least squares (PLS) approach. In W. W. V. En, & V. Esposito (Eds.), 
Handbook of partial least squares (pp. 691–711). Springer.  

Hair, J., Black, W., Babin, B., Anderson, R., & Tatham, R. (2005). Multivariate data 
analysis (5th ed.). Prentice Hall.  

Hair, J. F., Hult, G. T. M., Ringle, C., & Sarstedt, M. (2013). A primer on partial least 
squares structural equation modeling (PLS-SEM). SAGE.  

Hair, J. F., Ringle, C. M., & Sarstedt, M. (2011). PLS-SEM: Indeed, a silver bullet. Journal 
of Marketing Theory and Practice, 19(2), 139–151. 

Hair, J. F., Sarstedt, M., Pieper, T. M., & Ringle, C. M. (2012). Applications of partial least 
squares path modeling in management journals: A review of past practices and 
recommendations for future applications. Long Range Planning, 45(5/6), 320–340. 

Heine, K., & Phan, M. (2011). Trading-up mass-market goods to luxury products. 
Australasian Marketing Journal, 19(2), 108–114. 

Hennigs, N., Wiedmann, K.-P., Behrens, S., & Klarmann, C. (2013). Unleashing the power 
of luxury: Antecedents of luxury brand perception and effects on luxury brand 
strength. Journal of Brand Management, 20(8), 705–715. 

Hennigs, N., Wiedmann, K. P., Klarmann, C., & Behrens, S. (2015). The complexity of 
value in the luxury industry. International Journal of Retail & Distribution Management, 
43(10/11), 922. 

Henseler, J., Hubona, G., & Ray, P. A. (2017). Using PLS path modeling in new 
technology research: Updated guidelines. Industrial Management and Data Systems, 
116(1), 2–20. 

Henseler, J., Ringle, C. M., & Sarstedt, M. (2015). A new criterion for assessing 
discriminant validity in variance-based structural equation modeling. Journal of the 
Academy of Marketing Science, 43(1), 115–135. 

Henseler, J., Ringle, C. M., & Sinkovics, R. R. (2009). The use of partial least squares path 
modeling in international marketing. In New challenges to international marketing (pp. 
277–319). Emerald.  

Hu, L. T., & Bentler, P. M. (1998). Fit indices in covariance structure modeling: 
Sensitivity to underparameterized model misspecification. Psychological Methods, 3 
(4), 424–453. https://doi.org/10.1037//1082-989X.3.4.424 

Jain, S. (2020). Assessing the moderating effect of subjective norm on luxury purchase 
intention: A study of gen Y consumers in India. International Journal of Retail & 
Distribution Management, 48(5), 517–536. https://doi.org/10.1108/IJRDM-02-2019- 
0042 

Jevons, C., & Gabbott, M. (2000). Trust, brand equity and brand reality in internet 
business relationships: An interdisciplinary approach. Journal of Marketing 
Management, 16(6), 619–634. https://doi.org/10.1362/026725700785045967 

A. Reyes-Menendez et al.                                                                                                                                                                                                                      

https://doi.org/10.1016/j.emj.2021.06.006
https://www.bain.com/about/media-center/press-releases/2018/fall-luxury-goods-market-study/
https://www.bain.com/about/media-center/press-releases/2018/fall-luxury-goods-market-study/
https://www.bain.com/about/media-center/press-releases/2018/fall-luxury-goods-market-study/
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref2
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref2
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref2
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref3
http://media-publications.bcg.com/france/True-Luxury%20Global%20Consumer%20Insight%202019%20-%20Plenary%20-%20vMedia.pdf
http://media-publications.bcg.com/france/True-Luxury%20Global%20Consumer%20Insight%202019%20-%20Plenary%20-%20vMedia.pdf
http://media-publications.bcg.com/france/True-Luxury%20Global%20Consumer%20Insight%202019%20-%20Plenary%20-%20vMedia.pdf
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref5
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref5
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref6
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref6
https://doi.org/10.1108/JKM-05-2018-0322
https://doi.org/10.1108/JKM-05-2018-0322
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref8
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref8
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref8
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref9
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref10
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref10
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref10
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref11
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref11
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref12
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref12
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref12
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref13
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref14
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref14
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref14
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref15
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref15
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref15
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref16
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref16
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref17
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref17
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref18
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref18
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref18
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref19
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref19
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref19
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref20
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref20
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref21
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref21
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref22
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref22
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref23
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref23
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref23
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref24
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref24
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref25
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref25
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref25
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref26
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref26
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref26
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref27
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref27
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref27
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref28
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref28
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref28
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref29
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref29
http://refhub.elsevier.com/S0263-2373(21)00082-7/sref29
https://doi.org/10.1037//1082-989X.3.4.424
https://doi.org/10.1108/IJRDM-02-2019-0042
https://doi.org/10.1108/IJRDM-02-2019-0042
https://doi.org/10.1362/026725700785045967


European Management Journal xxx (xxxx) xxx

10

Kapferer, J. N., & Valette-Florence, P. (2016). Beyond rarity: The paths of luxury desire. 
How luxury brands grow yet remain desirable. The Journal of Product and Brand 
Management, 25(2), 120–133. 

Kastanakis, M., & Balabanis, G. (2011). Bandwagon, snob and Veblen effects in luxury 
consumption. In D. W. Dahl, G. V. Johar, & S. M. J. van Osselaer (Eds.), Advances in 
consumer research (Vol. 38, pp. 609–611). Association for Consumer Research.  

Kastanakis, M. N., & Balabanis, G. (2012). Between the mass and the class: Antecedents 
of the “bandwagon” luxury consumption behavior. Journal of Business Research, 65 
(10), 1399–1407. 

Kastanakis, M. N., & Balabanis, G. (2014). Explaining variation in conspicuous luxury 
consumption: An individual differences’ perspective. Journal of Business Research, 67 
(10), 2147–2154. 

Kastanakis, M., & Voyer, B. (2012). Cultural effects on perception and cognition: 
Integrating recent findings and reviewing implications for consumer research. In 
Z. Gürhan-Canli, C. Otnes, & R. Zhu (Eds.), Advances in consumer research (Vol. 40, 
pp. 966–967). Association for Consumer Research.  

Keller, K. L. (2009). Managing the growth tradeoff: Challenges and opportunities in 
luxury branding. Journal of Brand Management, 16(5/6), 290–301. 

Kim, J., & Kim, J.-E. (2014). Making customer engagement fun. Journal of Fashion 
Marketing and Management, 18(2), 133–144. 

Kurt, Y., Yamin, M., Sinkovics, N., & Sinkovics, R. R. (2016). Spirituality as an antecedent 
of trust and network commitment: The case of Anatolian Tigers. European 
Management Journal, 34(6), 686–700. 

Lee, H., Rothenberg, L., & Xu, Y. (2020). Young luxury fashion consumers’ preferences in 
multi-channel environment. International Journal of Retail & Distribution Management, 
48(3), 244–261. https://doi.org/10.1108/IJRDM-11-2018-0253 

Liang, Y., Ghosh, S., & Oe, H. (2017). Chinese consumers’ luxury value perceptions – a 
conceptual model. Qualitative Market Research, 20(2), 247–262. 

Lynn, M. (1991). Scarcity effects on value: A quantitative review of the commodity 
theory literature. Psychology and Marketing, 8(1), 43–57. https://doi.org/10.1002/ 
mar.4220080105 

MacKenzie, S. B., Podsakoff, P. M., & Jarvis, C. B. (2005). The problem of measurement 
model misspecification in behavioral and organizational research and some 
recommended solutions. Journal of Applied Psychology, 90, 710–730. https://doi.org/ 
10.1037/0021-9010.90.4.710 

Martins, J., Costa, C., Oliveira, T., Gonçalves, R., & Branco, F. (2019). How smartphone 
advertising influences consumers’ purchase intention. Journal of Business Research, 
94, 378–387. 

Ngai, J., & Cho, E. (2012). The young luxury consumers in China. Young Consumers.  
Palos-Sanchez, P., Reyes-Menendez, A., & Saura, J. R. (2019). Modelos de Adopción de 

Tecnologías de la Información y Cloud Computing en las Organizaciones. 
Informacion Tecnologica, 30(3), 3–12. 

Paul, J. (2015). Masstige marketing redefined and mapped: Introducing a pyramid model 
and MMS measure. Marketing Intelligence & Planning, 33(5), 691–706. https://doi. 
org/10.1108/MIP-02-2014-0028 

Paul, J. (2019). Masstige model and measure for brand management. European 
Management Journal, 37(3), 299–312. 

Pecot, F., Merchant, A., Valette-Florence, P., & Barnier, V. D. (2018). Cognitive outcomes 
of brand heritage: A signaling perspective. Journal of Business Research, 85, 304–316. 
https://doi.org/10.1016/j.jbusres.2018.01.016 

Reinartz, W., Haenlein, M., & Henseler, J. (2009). An empirical comparison of the 
efficacy of covariance-based and variance-based SEM. International Journal of 
Research in Marketing, 26(4), 332–344. 

Reyes-Menendez, A., Saura, J. R., & Alvarez-Alonso, C. (2018). Understanding 
#WorldEnvironmentDay user opinions in twitter: A topic-based sentiment analysis 
approach. International Journal of Environmental Research and Public Health, 15(11), 
2537. 

Reyes-Menendez, A., Saura, J. R., & Martinez-Navalon, J. G. (2019). The impact of e- 
WOM on hotels management reputation: Exploring TripAdvisor review credibility 
with the ELM model. IEEE Access, 7, 68868–68877. 

Reyes-Menendez, A., Saura, J. R., & Thomas, S. B. (2020). Exploring key indicators of 
social identity in the# MeToo era: Using discourse analysis in UGC. International 
Journal of Information Management, 54, 102129. 

Rigdon, E. E. (2016). Choosing PLS path modeling as analytical method in European 
management research: A realist perspective. European Management Journal, 34(6), 
598–605. 

Ringle, C. M., Wende, S., & Becker, J.-M. (2015). SmartPLS 3. SmartPLS GmbH.  
Sarstedt, M., Hair, J. F., Ringle, C. M., Thiele, K. O., & Gudergan, S. P. (2016). Estimation 

issues with PLS and CBSEM: Where the bias lies! Journal of Business Research, 69(10), 
3998–4010. 

Saura, J. R., Reyes-Menendez, A., & Palos-Sanchez, P. (2019). Are black friday deals 
worth it? Mining twitter users’ sentiment and behavior response. Journal of Open 
Innovation: Technology, Market, and Complexity, 5(3), 58. 
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